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Results

Neural Networks Average MMAC Layers Model Size (Mb)
Precision

Baseline 0.88

Neural Architecture Search

NAS (best accuracy) 501 15 10.6 1.8
NAS (best latency) 0.87 230 12 RN 3.8

NAS + Pruning + Quantization

NAS + prune 0.87 170 12 5.3 5.2
NAS + prune + quantizaton 0.87 170 12

v Model size reduction - 10.9

v Latency reduction — 4.2
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Benchmarks

Retina-ResNet50 (baseline) 0.72 17086
ENOT_RetinaRN50-1 0.71 3458 4.9
Resnet-50 (baseline) 0.76 1178
ENOT_RN-50_1 0.76 584 2
ENOT_RN-50_2 0.75
Resnet-18 (baseline) 0.74
ENOT _RN-18 1 0.75 263 2
ENOT_MN 18 2 0.73
HR-net (baseline) 0.44 46256

ENOT_HR-net 0.43 17731 2.6
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